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Leaderboard for ogbn-products
The classification accuracy on the test and validation sets. The higher, the better.

Package: >=1.1.1

Test Validation
Rank Method Accuracy Accuracy Contact References #Params
1 UniMP 0.8256 + 0.9308 £ 0.0017 Yunsheng Shi (PGL Paper, 1,475,605
0.0031 team) Code
Leaderboard for ogbn-arxiv Leaderboard for ogbn-proteins
The classification accuracy on the test and validation sets. The higher, the better. The ROC-AUC score on the test and validation sets. The higher, the better.
Package: >=1.1.1 Package: >=1.1.1
Test Validation Test ROC- Validation ROC-
Rank Method A y A y Contact References #Params Rank Method AUC AUC Contact References #Params
1 UniMP_large 0.7379 + 0.7475 +0.0008 Yunsheng Shi (PGL Paper, 1,162,515 1 UnimMP 0.8642 + 0.9175 £ 0.0006 Yunsheng Shi (PGL Paper, 1,909,104
0.0014 team) Code 0.0008 team) Code
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